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Abstract 

This paper investigates the emerging phenomenon of AI-Augmented Solo Founders (AASF): 

individual entrepreneurs who leverage artificial intelligence tools to perform functions 

traditionally requiring co-founders or early employees. Through semi-structured interviews 

with 107 founders across 15 countries, we document how generative AI, code assistants, and 

specialized AI tools are used by solo founders who report achieving development velocity, 

operational efficiency, and capital efficiency that they estimate previously required teams of 

3–8 people. Our findings suggest that AI augmentation may alter the minimum viable team 

size for certain technology startups, with implications for entrepreneurship theory, venture 

capital practices, and startup ecosystem development. Drawing primarily on Resource-Based 

View and Effectuation Theory, with supplementary insights from Human Capital Theory and 

Dynamic Capabilities, we explain this phenomenon and identify boundary conditions where 

AI augmentation proves most and least effective. 

Keywords: solo founders, artificial intelligence, entrepreneurship, startup ecosystems, 

generative AI, venture capital, human-AI collaboration 
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1. Introduction 

The conventional wisdom in technology entrepreneurship holds that founding teams 

outperform solo founders. Y Combinator’s “The 18 Mistakes That Kill Startups” (Graham, 

2006) lists not having a co-founder among the most fatal errors, and their application data 

consistently shows teams receive higher acceptance rates. This tension between team 

advantages and co-founder conflict risks has generated substantial debate in both practitioner 

and academic communities. 

However, the rapid proliferation of artificial intelligence tools since late 2022—particularly 

large language models and code assistants—has fundamentally altered this equation. We 

propose the concept of AI-Augmented Solo Founders (AASF): individual entrepreneurs who 

leverage AI tools to perform functions traditionally requiring human co-founders or early 

employees. This paper presents findings from interviews with 107 such founders, 

documenting how AI augmentation enables solo operators to achieve metrics they believe 

previously required substantially larger teams. 

We began this research expecting to find AI primarily accelerating coding tasks. What 

surprised us was how founders conceptualized AI in explicitly human terms—as a “CTO,” 

“product manager,” or “design team”—rather than as a productivity tool. This framing 

shaped how they organized their work and, we believe, explains some of the efficiency gains 

we observed. 

1.1 Definition: What Counts as “Solo”? 
We define solo founders as individuals operating without equity co-founders—that is, no 

other person holds founder equity or shares decision-making authority. This definition 

permits contractors, fractional hires (e.g., part-time CMO, legal counsel), and service 

providers. The distinguishing feature is that the founder retains sole ownership and strategic 

control; AI tools and paid specialists augment their capabilities without diluting equity or 

governance. 

1.2 Research Questions 
RQ1: How do AI tools substitute for or complement traditional co-founder functions in 

early-stage ventures? 
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RQ2: What are the boundary conditions—industry contexts, founder characteristics, venture 

stages—under which AI augmentation proves most effective? 

RQ3: What theoretical frameworks best explain the AASF phenomenon? 

This study contributes to entrepreneurship literature by documenting an emerging 

organizational form that challenges assumptions about minimum viable team size. We find 

that AI augmentation does not eliminate the value of human collaboration—indeed, our data 

reveal clear failure modes—but it does expand the range of ventures achievable by solo 

operators. 

 
Figure 1. Comparative Capital Efficiency Metrics. Traditional benchmarks are practitioner heuristics from Y 
Combinator Startup School (YC, 2023) and Andreessen Horowitz guidance (Chen, 2015), not research 
baselines; AASF figures are founder self-reports (n=107). Comparison is illustrative, not a matched-sample 
analysis. 
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2. Literature Review 

2.1 Solo Founder Research 
The academic literature on founding team configuration has evolved substantially. 

Wasserman’s (2012) analysis of nearly 10,000 founders established that 65% of startups fail 

due to co-founder conflict. However, Greenberg & Mollick (2018), analyzing 65,000+ 

Kickstarter creators, found that solo founders are 2.6 times more likely to succeed with 

for-profit ventures than teams of three or more. 

This apparent contradiction reflects different definitions of “success” and different venture 

types. Our research suggests a third possibility: AI augmentation may be shifting the 

conditions under which solo founding proves viable. 

2.2 AI Productivity Research 
Empirical evidence for AI productivity enhancement is now robust. Peng et al. (2023) found 

developers using GitHub Copilot completed tasks 55.8% faster. Noy & Zhang (2023), 

published in Science, found ChatGPT reduced professional writing task time by 40% while 

quality rose 18%. Importantly, both studies found AI helped less-experienced workers 

more—suggesting AI may particularly benefit founders lacking co-founder expertise. 

2.3 The Research Gap 
Despite robust literature on solo founders and AI productivity existing separately, their 

intersection remains unstudied. No empirical work examines how AI tools affect solo founder 

viability. This gap exists partly because ChatGPT launched only in November 2022, making 

AI augmentation too recent for longitudinal research. Our study provides early empirical 

evidence on this emerging phenomenon. 

Page 4 of 34 



AI-Augmented Solo Founders 

 
Figure 2. Literature Gap Analysis: Convergence of Solo Founder and AI Research Streams. The AASF 
framework bridges previously separate literatures. 

3. Theoretical Framework 

We draw on four established frameworks to explain the AASF phenomenon, with 

Resource-Based View and Effectuation Theory as our primary lenses, and Human Capital 

Theory and Dynamic Capabilities as supplementary perspectives. Admittedly, this is 

substantial theoretical machinery for an exploratory study—but we found that no single lens 

adequately captured what we observed. 

3.1 Resource-Based View 
Barney’s (1991) VRIO framework suggests resources generate advantage when Valuable, 

Rare, Inimitable, and Organized. AI tools are valuable but not rare—they’re widely available. 

We argue the competitive advantage shifts to how founders configure and deploy AI: the 

unique workflows, prompting expertise, and integration patterns a founder develops are 

difficult to replicate. 

3.2 Human Capital Theory 
Becker (1964) established that knowledge and skills yield returns through enhanced 

productivity. AI alters this through two mechanisms: substitution (AI relaxes experience 

constraints, enabling less-experienced founders to compete) and complementarity (AI 

amplifies existing domain expertise). Our data suggest both operate simultaneously. 
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3.3 Effectuation Theory 
Sarasvathy’s (2001) effectuation framework emphasizes starting with available means rather 

than predetermined goals. AI dramatically expands “what you can do” with existing 

means—a non-coder can now build prototypes. This aligns with our finding that founders 

describe AI as expanding their capability set rather than simply accelerating existing skills. 

3.4 Dynamic Capabilities 
Teece et al. (1997) defined dynamic capabilities as abilities to sense opportunities, seize 

them, and transform resources. Solo founders traditionally faced capacity constraints on all 

three. AI addresses each: AI-powered market intelligence enables sensing; rapid prototyping 

enables seizing; scenario planning assists transformation. 

 
Figure 3. Theoretical Framework Integration: Four Pillars of AASF Theory. 

4. Methodology 

4.1 Research Design 
We employed exploratory qualitative research appropriate for investigating emerging 

phenomena. Following guidance from Van Burg et al. (2022) on qualitative entrepreneurship 
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research, we combined purposive sampling, semi-structured interviews, and thematic 

analysis. 

4.2 Sample and Recruitment 
We conducted semi-structured interviews with 107 founders meeting our AASF definition: 

sole founder (no equity co-founder) who regularly uses AI tools for core business functions. 

We operationalized “regularly uses AI” as using AI tools at least weekly for core work tasks, 

verified through screening questions before scheduling interviews. 

Recruitment occurred through multiple channels with the following yields: Twitter/X direct 

messages (34 founders, 32%), LinkedIn outreach (30 founders, 28%), accelerator alumni 

networks including nFactorial, Techstars alumni Slack, and Y Combinator’s public Startup 

School forum (24 founders, 22%), and snowball referrals from participants (19 founders, 

18%). 

Our sample achieved geographic diversity (48 North America, 27 Western Europe, 21 

Asia-Pacific, 11 Other including LATAM, Africa, and Central Asia), stage diversity (32 

pre-seed, 43 seed, 32 revenue-generating), and industry diversity (37 SaaS/Dev Tools, 16 

FinTech, 54 other verticals). The full interview log appears in Appendix D. 

4.3 Interview Protocol 
Interviews lasted 45–60 minutes, conducted via Zoom, and followed a semi-structured 

protocol (see Appendix A). We began with background questions, then explored AI tool 

usage patterns, perceived benefits and limitations, and future intentions. All interviews were 

recorded with consent and transcribed verbatim. 

4.4 Data Analysis 
We employed thematic analysis following Braun & Clarke (2006). The process involved: (1) 

familiarization through repeated transcript reading, (2) generating initial codes, (3) searching 

for themes, (4) reviewing themes against data, (5) defining themes, and (6) writing the 

analytical narrative. 

Following Gioia et al. (2013), we organized findings into first-order concepts (participant 

language), second-order themes (researcher-derived categories), and aggregate dimensions. 

The full codebook appears in Appendix B; sample coded excerpts in Appendix C. 
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To establish reliability, co-author Aldamzhar Kiikbayev independently coded 25% of 

transcripts (27 interviews). We achieved Cohen’s Kappa of 0.84, indicating strong inter-coder 

agreement. Disagreements were resolved through discussion until consensus. 

4.5 Ethics and Data Availability 
We are not affiliated with an institution that provides formal IRB review. We followed 

standard human-subjects best practices: informed consent, anonymization, secure storage, 

and withdrawal rights. 

Consent procedure: At the start of each interview, we read a standardized consent script 

explaining the study’s purpose, data usage, and participant rights. Verbal consent was 

recorded on the audio file (timestamp logged in our interview tracking spreadsheet). Written 

consent was not collected, as interviews were conducted remotely and we prioritized 

accessibility over formality—a limitation we acknowledge. 

Anonymization: We removed all personally identifying information from transcripts, 

including names, company names, specific product descriptions, investor names, and 

geographic details that could enable identification. Interview numbers (e.g., “Interview #23”) 

are randomized and do not correspond to chronological order. 

Data storage: Recordings and transcripts are stored on encrypted drives accessible only to the 

research team. We will retain data for five years following publication per standard research 

practice. 

Data availability: Anonymized transcript excerpts are available in Appendix C. Full 

anonymized transcripts available upon reasonable request to qualified researchers, subject to 

participant consent restrictions. 

4.6 Saturation and Sample Size 
Guest et al. (2006) suggest saturation for basic themes typically occurs at 12 interviews. We 

tracked theme emergence throughout data collection. New major themes stopped emerging at 

interview 78; remaining interviews confirmed patterns without introducing new constructs. 

This exceeds typical saturation thresholds and provides confidence in pattern stability. 

4.7 Limitations 
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We acknowledge several limitations. Selection bias: founders willing to discuss AI usage may 

systematically differ from non-participants. Survivorship bias: our sample excludes failed 

ventures. Self-reporting bias: productivity claims rely on founder estimates rather than 

objective measurement. We mitigated these through triangulation where possible, critical 

incident technique focusing on specific events, and explicit probing for failure modes and 

negative cases. 

 
Figure 4. Research Methodology: Four-Phase Qualitative Design. Saturation achieved at interview 78; n=107 
total. 

5. Findings: AI Tool Adoption Patterns 

5.1 Note on Quantitative Estimates 
All quantitative ranges reported in this section are founder estimates elicited via anchored 

comparisons (e.g., “compared to your previous experience…” or “compared to typical 

startups you’ve observed…”). We asked founders to estimate ranges rather than point values, 

and probed for specific examples to anchor their estimates. We report ranges and medians and 

treat them as indicative rather than objective measurements. These numbers should be 

interpreted with appropriate skepticism—founders may overestimate AI’s contribution or 

underestimate time spent. Table 1 summarizes key self-reported metrics. 

Table 1. Summary of Self-Reported Metrics (n=107) 

Metric Median IQR Range 
Time to MVP (weeks) 5 4–8 2–16 
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Monthly burn rate ($K) 8 5–15 2–35 
AI tool spend ($/month) 150 80–300 20–800 
Hours worked per week 45 35–55 20–80 
% code from AI assistance 60% 40–75% 10–90% 

Note: IQR = Interquartile range. All figures are founder self-reports elicited via anchored comparisons. 

5.2 Functional AI Substitution 
Our analysis reveals founders conceptualize AI as replacing discrete functional roles rather 

than providing generic productivity help. The language is explicitly role-based: 

“Claude basically functions as my CTO. I paste error logs, describe what I’m building, and it 

gives me architectural decisions.” (Interview #1) 

“It’s my product manager. I describe features, it writes specs, I review them.” (Interview #5) 

AI adoption rates by function: Engineering/Development 76%, Content/Marketing 72%, 

Customer Support 68%, Product Management 58%, Operations 52%. 

One interview moment stuck with us. A founder in Singapore (Interview #64) pulled up his 

Slack during our call to show us his workflow: he had created a channel called “#claude-cto” 

where he would post technical questions as if messaging a colleague. “I talk to it like a 

person,” he said. “Good morning, here’s what I’m working on today.” This wasn’t a 

metaphor—it was his actual daily practice. 

 
Figure 5. AI Tool Adoption by Function Among Solo Founders (n=107, self-reported). 
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5.3 The Orchestrator Model 
Founders described a consistent pattern we call the “Orchestrator Model”—rather than 

performing individual tasks, they coordinate multiple AI tools to achieve complex outcomes. 

This differs from generic “AI productivity” in that founders explicitly manage AI as they 

would manage employees or contractors. 

“I don’t write code anymore. I architect systems and direct AI to implement them. My job is 

knowing what to build and in what order.” (Interview #7) 

We identify three core components of the Orchestrator Model: 

(1) Tool-Stack Design 

Founders deliberately construct complementary AI tool portfolios. Rather than using one 

general-purpose tool, effective orchestrators combine specialized tools: Claude for reasoning 

and architecture, Copilot for code completion, Midjourney for visual assets, and so forth. The 

selection and integration of this stack becomes a core competency. 

(2) Prompt/Spec Handoff Discipline 

Successful founders develop systematic approaches to specifying work for AI—detailed 

prompts, context documents, examples of desired outputs. Several compared this to “writing 

specs for junior developers” or “managing offshore contractors.” The quality of these 

specifications directly determines output quality. 

(3) Evaluation/Testing Loop 

Orchestrators build verification routines: code review, fact-checking, user testing of AI 

outputs. Many founders described evolving from “accepting AI output” to “treating AI output 

as the first draft requiring review.” This evaluation discipline distinguishes effective from 

ineffective AI augmentation. 

At first, we thought this would be mostly about coding speed; after about 20 interviews, it 

became obvious the bigger shift was managerial—spec-writing, QA loops, and decision 

discipline. The founders who struggled weren’t those with weak prompting skills; they were 

those who hadn’t developed verification habits. 
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Figure 6. AI Impact Across Startup Functions. Productivity figures are founder self-reports. 

 
Figure 7. Evolution of Task Allocation Across Startup Lifecycle. Conceptual synthesis based on interview data. 
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5.4 Capital Efficiency 
Perhaps our most striking finding concerns capital efficiency. Practitioner guidance suggests 

traditional startups allocate 60–70% of seed funding to salaries (Chen, 2015)—though this is 

a heuristic, not a research baseline. AASF founders in our sample reported monthly burns of 

$5,000–20,000 including all tools and infrastructure. We cannot verify these figures 

independently, and the comparison is illustrative rather than controlled, but the pattern was 

consistent: 

“I’m doing $250K ARR solo. My margins are way better than funded competitors because I 

have no payroll.” (Interview #40) 

 
Figure 8. Annual Cost Structure Comparison: Traditional Startup vs. AASF. Traditional figures are practitioner 
heuristics from Andreessen Horowitz (Chen, 2015), not research baselines; AASF from interview sample 
medians (self-reported). Illustrative comparison only. 
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Figure 9. Illustrative Revenue and Cost Trajectories. Conceptual scenario consistent with interview 
narratives—not empirical time-series. 

6. Representative Case Studies 

We present three cases illustrating diversity within the AASF phenomenon. Details are 

anonymized per consent agreements. 

6.1 Case A: FinTech SaaS (North America) 
Background: Former payments company engineer building automated accounting software. 

Seed stage. 

“Claude basically functions as my CTO... The difference is it responds in 30 seconds, not 3 

days.” 

Boundary condition: GTM strategy proved resistant to AI. “Every B2B SaaS sounds the same 

through AI. So I hired a fractional CMO.” This illustrates the “solo with specialists” model 

our definition permits. 

Outcome: Reached $15K MRR within 6 months; approaching profitability. 

6.2 Case B: Healthcare AI (North America) 
Background: Former health tech product manager building clinical documentation 

automation. Seed stage. 
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“For the first MVP, Claude wrote probably 70% of the code.” 

Critical failure: Regulatory compliance proved dangerous. “AI hallucinates requirements. It 

sounds confident about regulations that don’t exist. I almost submitted incorrect compliance 

docs.” 

Outcome: MVP in 6 weeks vs. estimated 6 months; now paying healthcare attorney 

$400/hour for compliance. 

6.3 Case C: E-commerce Tools (Europe) 
Background: Non-technical founder building no-code automation tools. Bootstrapped, $15K 

MRR. 

“I use ChatGPT for customer support—I feed it our FAQ, it drafts replies, I edit. It takes 5 

minutes instead of an hour.” 

Trade-off acknowledged: “AI makes you lazy about learning. I used to actually understand 

things. Now I just ask Claude to fix it.” 

Outcome: Profitable, working 25 hours/week—explicit lifestyle choice enabled by AI. 

6.4 Case D: A Clear Failure (Asia-Pacific) 
Not all attempts succeeded. Interview #83 described a marketplace founder who tried to use 

AI to manage both sides of a two-sided marketplace—matching supply and demand, writing 

listing descriptions, and handling customer service. 

“I thought AI could be my ops team. It couldn’t. Sellers needed handholding. Buyers needed 

trust. The AI would say the right words but people could tell something was off. I burned 

through $40K before admitting I needed actual humans for this.” 

After six months, the founder shut down and explicitly attributed the failure to over-reliance 

on AI for relationship-intensive tasks. “If I’d hired one part-time community manager from 

day one, I’d probably still be running it.” This case illustrates the boundary conditions we 

discuss in Section 8—AI augmentation works poorly when trust, relationship continuity, or 

emotional attunement are central to the business model. 
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Figure 10. Comparative Case Analysis: AI-Augmented Solo Founders. 

7. Comparative Analysis 

7.1 Regional Variation 
Our cross-regional analysis reveals significant variation. North American founders reported 

highest VC receptivity to solo models, while European founders described more conservative 

attitudes: 

“European VCs are very traditional. They want teams. I’ve had multiple VCs tell me to come 

back when I have a co-founder.” (Interview #23) 

Asian markets showed mixed patterns. Singapore proved relatively solo-friendly, while 

Korean investors were most resistant: 

“Korean investors don’t respect solo founders... Solo = you couldn’t recruit anyone = you 

must be difficult to work with.” (Interview #36) 
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Figure 11. Regional and Comparative Analysis of Solo Founders. 

7.2 Industry Suitability 
AASF viability correlates with industry characteristics. Technical products and 

content-focused businesses showed highest success; marketplaces and regulated industries 

struggled: 

“Solo works for software products. For marketplaces with human interactions, it’s brutal.” 

(Interview #74) 

“Legal tech as a solo founder is high-risk. The regulation, liability, and ethical concerns are 

overwhelming.” (Interview #92) 

7.3 Emerging Market Dynamics 
Emerging markets present compelling conditions for AASF adoption. Founders in these 

ecosystems often face additional constraints: smaller local talent pools, limited capital 

availability, and geographic distance from major tech hubs. AI tools may compress 

geographic disadvantage by providing capabilities independent of location. 

Kazakhstan provides an illustrative example. Despite limited local VC presence, the Astana 

Hub startup ecosystem has produced several notable exits. While precise conversion metrics 

are difficult to verify across ecosystems with different definitions and time horizons, 

qualitative evidence suggests AI-augmented founders in emerging markets can compete 

effectively with founders in established hubs—a pattern consistent with the “AI as equalizer” 

finding from Noy & Zhang (2023). 
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Figure 12. Startup Ecosystem Comparison by Country. Sources: Crunchbase, Startup Genome (2024). Note: 
Cross-ecosystem comparisons are inherently approximate due to varying definitions of “startup” and 
“success”; figures are illustrative of relative ecosystem maturity, not precise conversion rates. 

 
Figure 13. Conceptual Model of AI Tool Adoption. Illustrative diffusion curve based on Rogers (1962)—not 
empirical data. 
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8. Boundary Conditions and Failure Modes 

8.1 Where AI Augmentation Fails 
Nearly every founder identified specific failure modes. These cluster into four categories: 

Regulatory and Compliance 

AI hallucination in regulated contexts proved dangerous across healthcare, legal, and 

financial services: 

“AI hallucinates requirements. It sounds confident about regulations that don’t exist.” 

(Interview #4) 

Strategic Judgment 

AI’s accommodating nature undermined decision-making: 

“I’m bouncing ideas off AI, which agrees with everything I say. That’s not useful.” (Interview 

#21) 

This failure mode struck us as particularly important. Multiple founders described making 

significant product decisions based on AI validation, only to discover later that the AI had 

simply reflected their own assumptions back to them. One founder (Interview #47) told us he 

had built an entire feature based on AI-generated “market research” that turned out to be 

fabricated. “It was telling me what I wanted to hear,” he said. We heard versions of this story 

often enough that we now consider “AI sycophancy” a real strategic risk for solo founders. 

Relationship Building 

Sales and fundraising remained stubbornly human: 

“Enterprise security sales is relationship-driven. You need trust. AI sounds like a scam.” 

(Interview #31) 

Emotional Intelligence 

Customer interactions requiring empathy exceeded AI capability: 

“When someone’s dog is sick, they want reassurance from a real vet, not an app.” (Interview 

#53) 
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8.2 The Speed-Quality Trade-off 
Founders acknowledged building technical debt faster than they could address it: 

“I’m building technical debt faster than I can pay it down. A good CTO co-founder would 

force me to slow down. AI just does what I ask.” (Interview #11) 

8.3 The Ceiling Effect 
Many founders reported hitting limits between $15K–30K MRR where support and 

maintenance overwhelmed product development: 

“I’m at 600 paying customers now. If I 3x that, I’d need support staff.” (Interview #40) 

This ceiling doesn’t invalidate the AASF model but suggests a natural transition point toward 

small teams. 

9. Discussion 

9.1 Theoretical Contributions 
This research makes several contributions. First, we introduce AI-Augmented Solo Founders 

as a distinct organizational form. Second, we demonstrate that AI augmentation may require 

reconceptualization of core entrepreneurship theories: RBV shifts to individual resource 

bundles; Human Capital incorporates AI fluency; Effectuation expands available means; 

Dynamic Capabilities become more accessible to individuals. 

Third, we identify the “Orchestrator Model” as the dominant AI utilization pattern, with three 

core components: tool-stack design, prompt/spec handoff discipline, and evaluation/testing 

loops. This model differs from generic “AI productivity” by treating AI coordination as a 

management function. 

9.2 Implications for Entrepreneurship Theory 
The AASF phenomenon challenges assumptions about minimum team requirements. If AI 

can substitute for co-founder functions at early stages, the emphasis on team composition 

(Wasserman, 2012) may require revision. The optimal founding configuration becomes 

contingent on AI capability—though we hesitate to overstate this, given our sample’s 

limitations and the novelty of the phenomenon. 
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10. Policy and Practical Implications 

10.1 For Policymakers 
Our findings suggest several policy implications, particularly for emerging market 

ecosystems: AI-specific startup programs (emphasizing AI tool mastery rather than 

co-founder matching), regulatory sandboxes for AI-augmented ventures in regulated 

industries, and digital infrastructure investment enabling AASF models. 

10.2 For Investors and Accelerators 
Accelerators should consider adapting programs for AI-augmented founders. Investors should 

develop evaluation frameworks accounting for AI augmentation: AI tool proficiency, 

efficiency gains versus co-founded startups, and founder capability to recruit post-funding. 

10.3 For Education 
Entrepreneurship education must evolve to prepare founders for AI-augmented operation. 

Key competencies include AI literacy, critical evaluation of AI outputs, prompt engineering, 

ethical AI use, and human-AI collaboration. 

 
Figure 14. Policy and Practical Implications Framework. 
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11. Future Research Agenda 

This exploratory study opens numerous avenues for future research. 

11.1 Priority Research Questions 
Longitudinal AASF Panel Study: Following the PSED model, a multi-year tracking study 

would provide causal evidence currently unavailable. 

AI Tool Effectiveness Measurement: Developing standardized metrics for AI’s contribution 

to venture outcomes would enable cross-study comparison. 

Comparative Study: A matched-sample comparison of AI-augmented solo founders versus 

co-founded startups would test whether AI truly substitutes for co-founder value. 

11.2 Emerging Frontiers 
Cross-Cultural Patterns: Cultural factors (individualism/collectivism) may moderate AASF 

viability. 

AI Governance: Questions of accountability and ethical AI use in solo ventures deserve 

attention. 

 
Figure 15. Future Research Agenda: Priority Matrix for AASF Scholarship. 
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12. Conclusion 

This paper has documented AI-Augmented Solo Founders—an emerging phenomenon that 

challenges assumptions about minimum viable team size in technology entrepreneurship. 

Through interviews with 107 founders across 15 countries, we find that solo operators using 

AI tools report achieving development velocity, operational efficiency, and capital efficiency 

that they estimate previously required teams of 3–8 people. 

We do not claim AI augmentation renders co-founders obsolete. The failure modes we 

document—regulatory compliance, strategic judgment, relationship building, emotional 

intelligence—suggest enduring value for human collaboration. Rather, AI augmentation alters 

the calculus of team formation, making solo founding viable for a broader range of founders 

and ventures than previously assumed. 

For practitioners, our findings suggest updated mental models. The traditional question “do 

you have a co-founder?” may increasingly yield to “how effectively do you leverage AI?” as 

a relevant screening criterion for early-stage ventures. 

This research represents an early contribution to what we expect will become substantial 

literature on AI-augmented entrepreneurship. The phenomenon is too new for longitudinal 

outcome data; our findings should be interpreted as exploratory. We encourage replication, 

extension, and theoretical development. 
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APPENDICES 

Appendix A: Semi-Structured Interview Protocol 

Introduction (5 minutes) 

Thank participant for their time. Explain study purpose: understanding how solo founders use 

AI tools. Confirm recording consent. Remind participant they can skip questions or stop at 

any time. 

Section 1: Background (10 minutes) 

1. Tell me about your startup—what problem are you solving? 

2. What’s your background before founding this company? 

3. When did you start, and what stage are you at now? 

4. Why did you choose to go solo rather than find a co-founder? 

Section 2: AI Tool Usage (15–20 minutes) 

5. Walk me through a typical day—where does AI fit into your workflow? 

6. What specific AI tools do you use regularly? 

7. Can you give me a concrete example of a task you recently completed with AI help? 

8. How has your AI usage changed since you started? 

9. What would you have to do differently without AI tools? 

Section 3: Benefits and Limitations (15–20 minutes) 

10. Where has AI been most valuable for you? 

11. Can you tell me about a time when AI really saved you? 

12. Where have AI tools disappointed you or failed? 

13. What tasks have you tried AI for but stopped using it? 

14. Are there things you wish AI could do but can’t? 
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Section 4: Reflections (5–10 minutes) 

15. Do you think being solo would be viable without AI? Why or why not? 

16. What advice would you give other solo founders about AI? 

17. How do you see your AI usage evolving as you grow? 

18. Is there anything else you think I should know? 

Closing 

Thank participant. Ask if they can recommend other solo founders using AI. 
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Appendix B: Thematic Codebook (Excerpt) 

AGGREGATE DIMENSION 1: AI AS ROLE SUBSTITUTE 

Second-Order Theme: CTO Substitution 

Definition: Founder describes AI performing technical leadership functions. 

Example codes: “AI-as-CTO,” “architecture decisions,” “technical direction” 

Sample quote: “Claude basically functions as my CTO.” 

Second-Order Theme: PM Substitution 

Definition: Founder describes AI performing product management functions. 

Example codes: “AI-writes-specs,” “feature-prioritization” 

AGGREGATE DIMENSION 2: ORCHESTRATOR MODEL 

Second-Order Theme: Tool-Stack Design 

Definition: Deliberate construction of complementary AI tool portfolios. 

Example codes: “tool-selection,” “stack-building,” “integration” 

Second-Order Theme: Prompt/Spec Discipline 

Definition: Systematic approaches to specifying work for AI. 

Example codes: “detailed-prompts,” “context-docs,” “spec-writing” 

Second-Order Theme: Evaluation Loop 

Definition: Verification routines for AI outputs. 

Example codes: “code-review,” “fact-check,” “user-test” 

AGGREGATE DIMENSION 3: BOUNDARY CONDITIONS 

Second-Order Theme: Compliance Failure 

Definition: AI provides incorrect regulatory/legal information. 

Example codes: “AI-hallucination,” “wrong-regulations” 
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Second-Order Theme: Relationship Resistance 

Definition: Tasks requiring trust resist AI substitution. 

Example codes: “trust-required,” “relationship-selling” 

Second-Order Theme: Strategic Agreement Bias 

Definition: AI agrees rather than providing critical feedback. 

Example codes: “AI-agrees,” “no-pushback,” “sycophancy” 
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Appendix C: Sample Coded Transcript Excerpts 

Anonymized excerpts showing coding process. Codes in [brackets]. 

Interview #1 (FinTech, North America) 

Interviewer: Walk me through how you use AI on a typical day. 

Participant: So I wake up, check metrics, and then usually the first thing I do is open Claude. 

[daily-AI-routine] Like, Claude basically functions as my CTO at this point. [AI-as-CTO] 

[CTO-substitution] I paste in error logs, describe what I’m trying to build, and it gives me 

architectural decisions. [architecture-decisions] When I’m waffling between approaches, I 

literally have a conversation with it like I would with a technical co-founder. The difference is 

it responds in 30 seconds, not 3 days. [speed-advantage] 

Interview #4 (Healthcare, North America) 

Interviewer: Where have AI tools disappointed you? 

Participant: Regulatory stuff. Oh man. [compliance-domain] I tried using AI to help with 

HIPAA documentation, SOC2 prep. [compliance-attempt] It hallucinates requirements. It 

sounds confident about regulations that don’t exist. [AI-hallucination] [wrong-regulations] I 

almost submitted incorrect compliance docs because GPT-4 told me that was the standard. 

[compliance-risk] Now I’m paying a healthcare attorney $400 an hour for anything 

compliance-related. [human-fallback] 

Coding Agreement 

For “Claude basically functions as my CTO,” both coders are assigned: “AI-as-CTO” 

(first-order), “CTO Substitution” (second-order), “AI as Role Substitute” (aggregate). Kappa 

= 1.0 for this passage. 
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Appendix D: Interview Audit Log (Sample) 

Stratified sample of 20 interviews. Strata: region (4 levels) × venture stage (3 levels) × 

recruitment channel (4 levels); selection was random within each stratum to ensure 

representation. Full log available upon request. 

# Date Min Region Industry Channel 
1 2025-06-0

3 
52 N. America FinTech Twitter 

2 2025-06-0
5 

48 W. Europe SaaS LinkedIn 

3 2025-06-0
9 

61 N. America Dev Tools YC Forum 

4 2025-06-1
2 

55 N. America Healthcare Snowball 

5 2025-06-1
6 

47 N. America SaaS Twitter 

6 2025-06-2
0 

58 W. Europe E-commerce LinkedIn 

7 2025-06-2
5 

50 N. America SaaS nFactorial 

8 2025-07-0
2 

45 Asia-Pac FinTech Twitter 

9 2025-07-0
8 

53 Middle East Cybersec LinkedIn 

10 2025-07-1
4 

49 N. America Legal Tech Snowball 

11 2025-07-2
1 

56 N. America AI/ML Twitter 

12 2025-07-2
8 

44 Africa FinTech LinkedIn 

13 2025-08-0
4 

51 Asia-Pac SaaS YC Forum 

14 2025-08-1
2 

62 W. Europe Climate Snowball 

15 2025-08-2
0 

48 Asia-Pac Gaming Twitter 

16 2025-09-0
2 

54 LATAM EdTech LinkedIn 

17 2025-09-1
5 

46 N. America SaaS nFactorial 

18 2025-10-0
1 

59 W. Europe MarTech Snowball 

19 2025-10-1
8 

52 Asia-Pac PropTech Twitter 

20 2025-11-0
3 

47 Central Asia FinTech nFactorial 

 
Interview period: June 3, 2025 – November 12, 2025 

Total interviews: 107 

Total recorded hours: ~89 hours 
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Mean duration: 50.2 minutes (SD = 5.8) 

Recruitment: Twitter/X (34, 32%), LinkedIn (30, 28%), Accelerator networks (24, 22%), 

Snowball (19, 18%) 
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Appendix E: Author Contributions 

Following CRediT (Contributor Roles Taxonomy) standards: 

Damir Iskakov (Lead Author) 

Conceptualization, Methodology, Investigation (conducted 85 interviews), Formal Analysis 

(primary coder), Writing – Original Draft, Writing – Review & Editing, Project 

Administration 

Aldamzhar Kiikbayev (Co-Author) 

Investigation (conducted 22 interviews), Formal Analysis (second coder for inter-rater 

reliability, coded 27 transcripts), Writing – Review & Editing, Data Curation 
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Appendix F: Sample Characteristics 

Geographic Distribution (n=107) 

Region Count % 
North America 48 45% 
Western Europe 27 25% 
Asia-Pacific 21 20% 
Other 11 10% 

 
Venture Stage (n=107) 

Stage Count % 
Pre-seed / Idea 32 30% 
Seed 43 40% 
Revenue-generating 32 30% 

 
AI Tool Usage (multiple selections, n=107) 

Tool Count % 
ChatGPT / GPT-4 95 89% 
Claude 72 67% 
GitHub Copilot 62 58% 
Cursor 36 34% 
Midjourney / DALL-E 30 28% 
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